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"The future is not a larger SOC. The future is not another dashboard. The 
future is a governed defensive nervous system, one that can sense, reason, 
validate, respond, and evidence control at machine speed, while keeping 
humans responsible for judgement, consequence, and governance." 
— Manish Chawda, Founder & CEO, AgenticAssure.ai 

 

EXECUTIVE SUMMARY 
→  Enterprise security and AI governance face the same structural problem: risk is moving faster 

than the operating models built to control it. AI-native attackers compress the attack lifecycle to 
minutes. Defenders still operate through human escalation chains that take hours. This is not a 
people problem; it is an operating model problem. 

→  The Agentic Army Strategy proposes a governed defensive operating model: specialist AI 
agents operating within defined identity, scope, approval thresholds, and audit trails, 
coordinated by a Command Layer, validated by independent challenge, and overseen by 
human judgement at the right points. 

→  The Hunter Validator Pattern is the central design principle: no single model should be trusted 
to make or recommend consequential decisions unchallenged. A second agent attempts to 
disprove the finding before it becomes action. Disagreement is not failure, it is signal. 

→  AI assurance is the missing operating layer that converts AI governance from policy to proof. 
The enterprise that can produce a tested, mapped, evidenced assurance pack for its AI 
systems will move faster commercially, satisfy regulators more effectively, and govern risk more 
credibly than one relying on responsible AI statements. 

 

  



AgenticAssure  | Defensive AI Dispatch 

© 2026 AgenticAssure.ai  |  Independent · Evidence-based · Defensible  |  Page 4 

EXECUTIVE NOTE 

I have spent most of my career in rooms where something has already gone wrong, or is about 
to. Cyber incidents unfolding in real time. Regulatory reviews arriving without warning. 
Leadership teams discovered that the controls they assumed were in place either were not in 
place or did not work as expected. In nearly every one of those rooms, the decisive factor was 
not the sophistication of the technology. It was whether the organisation could account for what 
its systems were doing, on whose authority, and with what evidence. 

Agentic AI sharpens that problem to a fine point. We are no longer deploying software that 
stores information and follows instructions. We are deploying systems that investigate, reason, 
recommend, and increasingly act at speeds no human escalation chain can match. The 
enterprises moving fastest are discovering an uncomfortable truth: their AI footprint is expanding 
far more quickly than their ability to govern it, and the gap between the two is where the next 
generation of operational and regulatory failures will occur. 

This briefing centres on a single argument: the winning organisation will not be the one with the 
most advanced AI or the largest security function. It will be the one that can prove its systems 
are tested, controlled, and defensible to a regulator, an auditor, a customer, and its own board. 
That distinction between claiming control and demonstrating it runs through everything that 
follows. 

The chapters ahead develop that argument through five connected ideas. The first reframes the 
challenge as an operating-model problem rather than a tooling one: defence at human speed 
cannot hold against attack at machine speed. The second proposes the response: a governed 
defensive nervous system organised as a coordinated Agentic Army rather than a scatter of 
autonomous bots. The third sets out the discipline that keeps such a system honest, the Hunter-
Validator pattern, in which no consequential decision goes unchallenged. The fourth defines the 
control architecture that makes any of this governable, the Agent Governance Plane. And the 
fifth explains why AI assurance, the practice of converting governance from policy into evidence, 
will increasingly underpin commercial trust. 

None of this is a prediction of where the technology will settle. It is a working position for leaders 
who must make decisions now, with incomplete information, while the ground is still shifting. My 
aim is not to tell you what to conclude. It is to help you ask the questions that distinguish 
organisations that merely use AI from those that can stand behind it. 
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THE STRATEGIC SHIFT 

For years, security leaders were told that the answer to cyber risk was more visibility, more 
tooling and more people. That answer is no longer sufficient. The threat has changed tempo, 
and the consequences of operating at human speed against a machine-speed adversary are 
now structural rather than incidental. 

Attackers can now use AI to accelerate reconnaissance, generate variants, analyse stolen data, 
adapt social engineering, produce scripts, support exploit development and scale operations. 
This does not make every attacker elite. It makes average attackers more dangerous and skilled 
attackers more scalable. 

The defender still relies on human loops. Alerts are triaged. Cases are escalated. Evidence is 
enriched. Approvals are requested. Actions are taken. That structure worked when the attacker 
gave the defender enough time to think, route and respond. That assumption is breaking down. 

29 minutes 
average eCrime breakout time in 2025 

(fastest observed: 27 seconds) 
CrowdStrike 2026 Global Threat Report 

−7 days 
estimated mean time to exploit vulnerabilities 

in 2025, indicating exploitation may occur 
before a patch is released 

Mandiant M-Trends 2026 
The result is a structural mismatch. Attack moves at machine speed. Defence moves at human 
speed. Governance moves at committee speed. An audit often arrives after the damage. This is 
not a people problem; it is an operating model problem. Humans are being used in the wrong 
part of the system, forced to route signals, enrich context, and process repetitive decisions at a 
scale they were never designed to handle. 

"Machines should handle speed. Humans should handle judgement. 
Governance should define the boundaries. Evidence should prove the system 
behaved correctly." 
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THE FUTURE SOC IS A NERVOUS SYSTEM 

The traditional SOC behaves like a team. A team waits for information, discusses it, assigns 
ownership, escalates and reacts. The nervous system behaves differently. It senses 
continuously. It interprets quickly. It responds automatically where the risk is understood. It 
escalates only where judgement is required. 

Consider the biological analogy that the architecture mirrors: a nervous system does not 
escalate every signal to conscious thought. If your hand touches something hot, the reflex acts 
before the brain completes the analysis. The brain still matters; it evaluates context, learns and 
decides what happens next. But it does not need to approve the reflex. Cyber defence needs 
the same architecture: the SOC should stop acting like a ticket queue and start functioning as a 
cognitive system. 

A future defensive nervous system comprises five interdependent layers. The Sensory Layer 
ingests telemetry from SIEM, EDR, cloud logs, identity signals, and threat intelligence, 
continuously and at machine scale. The Reflex Layer handles low-risk enrichment, containment, 
routing, and correlation: automated responses that can be executed safely without human 
review. The Correlation Layer performs multi-agent investigation, evidence-gathering, and threat 
validation across the full set of signals. The Decision Layer is where humans operate, receiving 
validated findings, applying business context, and approving consequential actions. The 
Memory Layer retains prior incidents, behavioural patterns, known false positives, and lessons 
learned, making the system more effective with each cycle. 

The important point is not automation for its own sake. It is an intelligent allocation of work. The 
system should not ask humans to perform repetitive signal routing. It should ask humans to 
decide where uncertainty, ethics, business impact or consequences demand judgement. 

 
Source: Developed by AgenticAssure Research 2026 
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PRACTITIONER OBSERVATION  ·  INCIDENT RESPONSE 
The Hours That No Longer Exist 
In an incident review I sat through, the security team had done almost everything right. The alert 
fired correctly. Triage was accurate. The case was escalated to the right owner, who approved the 
right containment action. The post-incident timeline was, by the standards of a few years ago, 
exemplary. The problem was the clock. From initial foothold to lateral movement, the attacker had 
taken minutes; the human escalation chain, working exactly as designed, had taken hours. Nobody 
in that room had been negligent. The operating model itself was the point of failure, built for an 
adversary who no longer grants the defender time to think. What struck me most was the team’s 
instinct afterward: they asked for more analysts. The honest answer was that more humans in that 
chain would not have closed the gap. The chain was the problem. That is the realisation behind the 
nervous-system model: move humans out of the parts of the loop where speed decides the 
outcome, and reserve them for the parts where judgement does. 
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THE AGENTIC ARMY MODEL 

The Agentic Army is a coordinated set of defensive agents operating inside a governed security 
architecture. Each agent has a job. One detects. One investigates. One validates. One 
enriches. One checks the policy. One recommends a response. One records evidence. One 
escalates uncertainty. Together, they form a governed defensive workforce, not a pile of 
autonomous bots. 

This is not a fantasy of full autonomy. The serious version of agentic defence is controlled 
autonomy. Agents operate within defined identities, scopes, permissions, approval thresholds, 
evidence requirements, rollback paths, and kill switches. The goal is not to remove the human. 
The goal is to stop wasting human judgement on machine-speed routing tasks. 

EXHIBIT 1    THE AGENTIC ARMY: FOUR GOVERNING PRINCIPLES 

Principle What It Means Why It Matters 

Specialisation Build specialist agents with narrow 
purpose, limited scope and clear 
accountability, not one agent to do 
everything 

Narrow purpose = predictable behaviour = 
governable risk. General-purpose agents 
create accountability ambiguity and 
unpredictable failure modes. 

Coordination Specialist agents share evidence, not 
blind conclusions. The system 
preserves context, tool outputs and full 
decision trails 

Without shared evidence trails, the 
coordination layer cannot build reliable cases 
or identify where individual agents have failed 
or been poisoned. 

Validation No high-consequence action relies on 
a single model or a single reasoning 
path, always challenged before 
becoming consequence 

Single-model systems hallucinate, overstate 
confidence and miss context. Validation before 
action is the mechanism that converts agentic 
speed into defensible governance. 

Governance Every agent is treated as an 
operational actor with identity, scope, 
approval thresholds, audit logs, rollback 
capability and a kill switch, not as a 
casual workflow 

An agent that can investigate, call tools, 
access systems and recommend actions is a 
privileged actor. CISOs already apply 
privileged access management to humans, it 
must now apply to agents. 

Source: Developed by AgenticAssure Research 2026 

 



AgenticAssure  | Defensive AI Dispatch 

© 2026 AgenticAssure.ai  |  Independent · Evidence-based · Defensible  |  Page 9 

THE HUNTER VALIDATOR PATTERN 

The Hunter-Validator pattern is one of the most important design principles in defensive AI and 
one of the most frequently bypassed in the rush to deploy agentic automation. The principle is 
straightforward: the Hunter finds, the Validator challenges, and the human decides where 
consequences demand it. The reason it matters is equally straightforward: single-model agentic 
systems are fragile. 
They can hallucinate. They can overstate confidence. They can miss context. They can follow 
poisoned inputs. They can produce answers that sound right but are wrong. In normal business 
use, this may cause embarrassment. In cyber defence, it can cause operational damage. If an 
agent recommends isolating a host, blocking an IP, disabling an account, or pushing a 
remediation, that action requires validation before it takes effect. 
The Validator's role is not to agree with the Hunter. It is to attempt to disprove the finding by 
asking whether the evidence is sufficient, whether there is another explanation, whether the 
finding is reproducible, whether the input could have been poisoned, and whether the proposed 
action is proportionate. Critically, the Validator should see the Hunter's final claim and the 
underlying evidence, but not the Hunter's full reasoning path. If the Validator sees the 
reasoning, it may anchor on the first model's conclusion rather than form an independent 
challenge. 

"Disagreement is not failure. Disagreement is signal. Every disagreement 
between Hunter and Validator tells the security team something about weak 
evidence, poor prompts, incomplete telemetry, or unreliable model behaviour." 

 
Source: Developed by AgenticAssure Research 2026 
For high-consequence decisions, a third role may be introduced: the Devil's Advocate. Its job is 
to identify the flaw in the consensus before the finding becomes action. This is not bureaucracy; 
it is the mechanism by which agentic systems become more defensible. Not perfect. Defensible. 
The distinction matters enormously in a regulatory environment that asks not, “Was the AI 
right?” but, “Did the organisation take reasonable steps to validate it?” 
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WHERE AGENTIC DEFENCE BREAKS 

Serious architecture begins by admitting where it fails. Agentic defence breaks down when an 
organisation treats autonomy as magic rather than machinery that requires control. In practice, 
the ways it fails are not infinite or mysterious; they cluster into seven recurring patterns. We call 
them the Seven Failure Modes of Agentic Defence, and naming them matters because a named 
failure can be designed against in advance rather than diagnosed in the wreckage. Each is 
predictable and therefore preventable, provided the governance architecture is built before 
deployment rather than reconstructed after the incident. The exhibit that follows sets out all 
seven, along with how each manifests and the control that contains it. 

EXHIBIT 2    THE SEVEN FAILURE MODES OF AGENTIC DEFENCE: HOW EACH MANIFESTS 
AND ITS CONTROL 

Failure Mode How It Manifests Mitigation 

Over-automation A false positive triggers containment. 
Containment creates more alerts. More 
alerts trigger more actions. Before 
anyone understands the original signal, 
accounts are disabled, services are 
blocked and operations are disrupted. 

Tiered approval gates, blast radius 
limits, circuit breakers, and clear 
separation between low-risk 
response and high-consequence 
action. 

Prompt Poisoning Defensive agents ingest hostile data, 
logs, filenames, alert descriptions, 
emails, ticket comments, threat intel. If 
the agent treats hostile text as 
instruction instead of evidence, the 
attacker can steer the defender. 

Treat all ingested data as untrusted. 
Separate instruction from evidence. 
Use injection scanning. Validate 
high-risk conclusions 
independently. 

Governance Bypass A team builds a quick agent to solve an 
urgent problem. It works. Months later it 
processes production data with no 
identity, no owner, no audit trail and no 
kill switch. 

Make the governed path faster than 
the workaround. Governance 
friction that slows deployment 
incentivises shadow agents. 

Agent Sprawl The registry says 12 agents. Reality 
has 80. Some are old, some have 
excessive permissions, some still 
consume tokens, some call tools no 
one remembers approving. 

Mandatory registration, tool 
classification, ownership 
assignment, version control, and 
quarterly reconciliation. 

Token Exhaustion A misconfigured agent loops. A 
workflow keeps calling models. Costs 
rise before anyone notices. In large 
deployments, this can be significant. 

Per-agent rate limits, budget caps, 
anomaly detection, and kill switches 
with automatic triggering on 
threshold breach. 

Silent Model Regression A model vendor changes behaviour. 
The agent's output shifts. No prompt 
changed. No workflow changed. But 
detection quality degrades, invisibly, 
until a missed incident reveals it. 

Model version control, regression 
test suites, fallback models, and 
continuous evaluation against 
known-good benchmarks. 

Vendor Dependency A single model provider has an outage. 
The agentic SOC slows or goes blind. 
Manual playbooks exist, but no one has 
practised them in months. 

Multi-vendor fallback paths, defined 
degradation modes, and regular 
manual-mode exercises before they 
become emergency procedures. 

 
 



AgenticAssure  | Defensive AI Dispatch 

© 2026 AgenticAssure.ai  |  Independent · Evidence-based · Defensible  |  Page 11 

 
Source: Developed by AgenticAssure Research 2026 

Beneath all seven lies a single meta-failure: organisational overconfidence. Agentic systems 
tend to perform just well enough to prompt people to stop practising the manual skills the 
systems were meant to augment. When the automation fails, humans are slower than they were 
before it arrived. The only durable defence is deliberate discipline, manual-mode drills, agent-
free investigation exercises, regular red teaming, and decision reviews, all governed by 
leadership that treats every successful month of automation as temporary evidence rather than 
permanent proof. The Seven Failure Modes are not reasons to avoid agentic defence. They are 
the checklist that makes it safe to pursue. 

 

PRACTITIONER OBSERVATION  ·  AGENT GOVERNANCE 
The Agents Nobody Registered 
I have repeatedly seen the official agent inventory turn out to be fiction. In one review, the official 
register listed a modest number of AI agents in production. A short discovery exercise found several 
times that figure, the overflow built quietly by capable teams solving real problems under deadline. 
None of it was malicious. Each agent had a sensible reason to exist. But many were running on 
shared service accounts with no individual identity, calling tools no one had formally approved, with 
no owner of record and no defined way to switch them off. The uncomfortable part was not the 
count. It was that the organisation had a respectable governance policy the entire time, written for a 
world in which software waited to be told what to do. The agents had simply arrived faster than the 
policy could see them. This is what governance bypass and agent sprawl look like in practice, and it 
is precisely why the controls that follow, identity, scope, a tool registry, a kill switch, are not 
bureaucracy. They are the difference between governing privileged actors and merely hoping they 
behave. 
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THE AGENT GOVERNANCE PLANE 

An AI agent that can investigate, call tools, access systems, and recommend actions is not just 
software. It is an operational actor. In many cases, it is a privileged actor. CISOs already 
understand privileged access management for humans. They now need to apply the same 
discipline to agents, and the architecture for doing so is the Agent Governance Plane. 

The Agent Governance Plane is the control layer spanning the entire agentic architecture, 
governing detection, investigation, validation, response and evidence agents alike. It is not an 
add-on or an afterthought. It is the chassis. Without it, the enterprise is not deploying governed 
agents; it is deploying unmanaged privileged actors with access to tools, data and actions. The 
Agent Governance Plane is consistent with the NIST AI RMF approach: GOVERN is a cross-
cutting function that should inform AI risk management across the lifecycle, while MAP, 
MEASURE and MANAGE are applied in context. The framework is informed by and aligned with 
the NIST AI RMF, which is voluntary rather than mandated. 

EXHIBIT 3    AGENT GOVERNANCE PLANE: MINIMUM CONTROL SET — TEN REQUIREMENTS 

Control What It Governs Without It 

Agent Identity Unique identity bound to model, version, 
prompt configuration and scope, not a 
shared service account 

Agents cannot be individually attributed 
or audited; blast radius of compromise is 
undefined 

Permission Scope Least-privilege access to tools, data, 
systems and action types, explicitly 
granted, not inherited 

Agents accumulate permissions through 
convenience; excessive scope creates 
disproportionate risk per agent 

Tool Access Registry Central inventory of which agents can 
call which tools, with risk classification 
per tool 

Tool proliferation creates shadow 
capabilities; tool misuse is undetectable 
without the registry 

Approval Thresholds Defined action categories, automated, 
advisory, approval-required, with clear 
criteria per threshold 

High-consequence actions execute 
without human review; low-consequence 
actions congest human queues 

Audit Logs Complete records of prompt, response, 
tool call, evidence, confidence, decision 
and approval, tamper-evident 

Actions cannot be forensically 
reconstructed; regulatory evidence is 
absent; incident response is blind 

Rollback Capability Meaningful actions have defined reversal 
paths, tested before deployment, not 
designed after incident 

Containment actions cannot be undone; 
operational disruption from false 
positives cannot be corrected 

Kill Switch Individual agent, agent class, or global 
revocation capability, with defined 
activation authority and tested execution 

Compromised or misbehaving agents 
cannot be stopped quickly; incident 
containment is degraded 

Model Risk Catalogue Vendor, model version, use case, known 
limitations, test results and fallback 
options, updated on model change 

Silent regression is undetectable; model 
changes create undocumented 
behaviour shifts in production 

Prompt and 
Configuration Control 

Production prompts treated like code, 
version-controlled, reviewed, change-
managed, rollback-capable 

Prompt changes introduce unintended 
behaviour; incidents cannot be attributed 
to specific configuration states 

Token and Rate Limits Budget, usage and rate controls enforced 
per agent, with anomaly detection and 
automatic kill triggers 

Cost explosions, API abuse, and loop 
conditions are invisible until they become 
significant incidents 
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Source: Agent Governance Plane Framework, Developed by AgenticAssure Research 2026. Aligned with the NIST AI RMF 
GOVERN function and, where applicable, the quality-management expectations for providers of high-risk AI systems under EU AI 
Act Article 17. 
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WHY AI ASSURANCE BECOMES ESSENTIAL 

The same logic that applies to defensive AI agents applies to every AI system across the 
enterprise, including customer service, underwriting, claims, advisory, audit, HR, compliance 
and software development. In each domain, AI systems now influence decisions, generate 
recommendations, interact with customers, or process sensitive information. The governance 
question is no longer "Are we using AI?” The real question is: can we prove that our AI systems 
are safe, compliant and controlled? 
Most organisations cannot. They may have policies, committees, risk registers, vendor 
statements and slide decks. But when asked for test evidence, including what was tested, 
against which risks, what failed, what was fixed, who approved deployment, and where the 
evidence pack is, the answer weakens. This is where AI governance either becomes real or 
collapses into theatre. 

PRACTITIONER OBSERVATION  ·  REGULATED FINANCIAL SERVICES 
When the Regulator Asked for Evidence 
Based on advisory observations across regulated financial-services engagements, a recurring 
pattern emerges: AI systems that had been deployed with appropriate governance documentation, 
risk assessments, vendor evaluations, responsible AI policies, faced regulatory inquiry about what 
had happened since deployment. Had the systems been retested after model updates? What 
monitoring was in place for output drift? Could management produce evidence that the systems 
continued to perform within their original risk parameters? In many cases, the governance 
documentation was comprehensive at deployment but materially weaker thereafter. Retrospective 
AI governance remediation performed under regulatory or audit pressure can require materially 
more effort than building continuous assurance controls at deployment. The precise cost varies by 
institution, system complexity, regulatory exposure and evidence quality; in observed cases, 
remediation effort has been several multiples of the cost of establishing assurance controls from the 
outset. The regulatory question was not philosophical. It was operational: 'Show us the evidence.' 

 

EXHIBIT 4    AI ASSURANCE: WHAT MUST BE TESTED AND WHAT THE EVIDENCE PACK 
CONTAINS 

Testing Domain What Is Assessed Regulatory Relevance 

Hallucination and 
unsupported outputs 

Frequency and severity of outputs 
that are fluent but factually wrong or 
unsupported by source material 

EU AI Act Article 9: risk management, 
and Article 15: accuracy, robustness and 
cybersecurity, where applicable; FCA: 
relevant to customer communications, 
conduct risk and Consumer Duty 
expectations where AI-generated outputs 
influence customer outcomes 

Privacy leakage Inference-time exposure of personal 
data through outputs, logs, 
embeddings, or tool calls 

GDPR Article 25: data protection by 
design and by default; EU AI Act Article 
10: data and data-governance 
requirements for high-risk AI systems, 
where applicable 

Prompt injection and 
adversarial risk 

Susceptibility to instruction hijacking 
from user inputs, documents, emails, 
or other agents in the pipeline 

NIST AI RMF and EU AI Act Article 15: 
robustness and cybersecurity 
requirements for high-risk AI systems, 
where applicable 
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EXHIBIT 4    CONTINUED 

Testing Domain What Is Assessed Regulatory Relevance 

Unsafe and policy-violating 
behaviour 

Outputs or actions that violate 
content policy, organisational rules, 
regulatory requirements, or ethical 
boundaries 

EU AI Act Art. 9, risk management; 
FCA, conduct risk; NIST GOVERN, risk 
tolerance 

Behavioural drift Changes in output quality, accuracy, 
or safety profile over time as models, 
prompts, data, or contexts change 

EU AI Act Article 72: post-market 
monitoring by providers of high-risk AI 
systems, where applicable; NIST 
MEASURE, continuous evaluation 

Control alignment Whether stated governance controls 
are actually functioning, approval 
thresholds, escalation paths, human 
overrides 

NIST GOVERN, accountability; EU AI 
Act Article 17: quality-management 
systems for providers of high-risk AI 
systems, where applicable 

Regulatory readiness Mapping of AI system properties and 
test results to applicable regulatory 
framework requirements 

EU AI Act, conformity assessment; 
DORA, ICT risk management; MAS 
FEAT principles; MAS AI Model Risk 
Management supervisory expectations; 
proposed MAS AI Risk Management 
Guidelines for financial institutions 

Auditability and evidence 
reconstruction 

Whether the full decision chain, 
prompt, response, tool call, approval, 
action, can be reconstructed for 
forensic or regulatory purposes 

EU AI Act Article 12: record-keeping for 
high-risk AI systems, where applicable; 
DORA Article 9 and associated 
technical standards: ICT protection, 
prevention, monitoring and control 
requirements for in-scope financial 
entities 

Source: Developed by AgenticAssure Research 2026. Based on EU AI Act, NIST AI RMF, and FCA regulatory guidance. 
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THE TECHNOLOGY LANDSCAPE 

No single product dominates this market, and any honest map of it has to begin by saying so. 
Enterprises will build the evidence layer in different ways, depending on maturity, regulation, 
architecture and risk appetite. The landscape is genuinely heterogeneous: comparable 
outcomes can be reached through a single platform or through a combination of specialist tools, 
and the appropriate architecture will vary by organisation. What matters is not which category a 
buyer starts from, but whether the resulting stack can produce something a regulator, an 
auditor, or a board will accept as evidence. 

The relevant technology categories span the full assurance stack. AI assurance and testing 
platforms test AI systems for hallucination, safety, bias, leakage, injection, drift and policy 
behaviour. LLM security and guardrail platforms inspect prompts and outputs, detect attacks, 
enforce policies and reduce unsafe behaviour at runtime. AI red-teaming platforms test models, 
applications and agents for adversarial behaviour before deployment. Model risk and AI 
governance platforms manage inventories, risk classifications, approvals, policies, testing 
evidence and accountability. Security copilots and agentic SOC platforms assist or automate 
investigation, triage, response and threat intelligence workflows. Existing SIEM, SOAR and case 
management platforms may serve as the backbone for orchestration and evidence for 
organisations with mature security infrastructure. 

EXHIBIT 5    TECHNOLOGY LANDSCAPE: ILLUSTRATIVE COMPARATORS BY CATEGORY 

Category Illustrative technologies Typical role 

AI governance, risk, and 
compliance 

Credo AI, Holistic AI Inventory, policy, risk classification, 
workflow, monitoring, compliance 
evidence 

AI red teaming and security 
testing 

Giskard, Holistic AI, Noma Security Adversarial testing, vulnerability 
discovery, safety testing, model and 
agent assessment 

Runtime guardrails and prompt 
security 

Lakera Guard and comparable 
runtime controls 

Prompt-injection protection, policy 
enforcement, runtime filtering 

Enterprise AI assurance AgenticAssure Independent testing, governance 
mapping, executive evidence 
packs, assurance outputs 

Cybersecurity agent platforms Microsoft Security Copilot, 
CrowdStrike Charlotte AI, Palo Alto 
Cortex agentic capabilities 

Security investigation, triage, 
workflow orchestration, response 
support 

Existing enterprise control stack SIEM, SOAR, IAM, GRC, case-
management platforms 

Telemetry, orchestration, evidence 
retention, access control, 
governance workflow 

 
The technologies listed are illustrative examples of vendors active in each category and are 
named for orientation only. Inclusion does not imply endorsement, and the categories are not 
mutually exclusive; several vendors operate across more than one. The descriptions reflect 
each vendor's stated positioning rather than independent feature testing by AgenticAssure. 
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Source: Developed by AgenticAssure Research 2026 

The strategic distinction in this landscape is not between vendors. It is between capability 
demonstration and evidence production, between a tool that can test an AI system and an 
independent assurance function that maps the results to governance expectations and 
produces board-, audit-, regulator-, and customer-ready outputs. The first answers, "Can we test 
this?" The second answers the question that regulated buyers actually ask: "Can you prove it?" 
As the market matures, the second question will increasingly influence which suppliers move 
smoothly through procurement and which create delays. AgenticAssure occupies the 
independent-assurance position in the map above for exactly that reason, but the principle holds 
regardless of which tools an organisation chooses to assemble: evidence, not assertion, is the 
differentiator that survives contact with a regulator. 
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THE 90-DAY READINESS PATH 

The enterprise does not need to solve everything in one year. It needs a credible 90-day path 
from the current position to defensible evidence, a path that produces real outputs at each 
stage, not a preparation for a future programme. 

 
 

EXHIBIT 6    90-DAY AI ASSURANCE READINESS PATH: THREE PHASES, NINE OUTPUTS 

Phase Activities Output 

Days 1–30: ASSESS Identify AI systems and agentic workflows in 
use. Classify by business criticality, data 
sensitivity and autonomy level. Map current 
governance, security and assurance controls. 
Identify highest-risk use cases. Select 1–2 
systems for deeper assurance testing. 

AI and agentic risk baseline: 
complete inventory, risk 
classification, control gap 
assessment, and prioritised testing 
candidates. 

Days 31–60: TEST Run hallucination, leakage, injection and 
unsafe behaviour tests. Review control 
alignment against governance expectations. 
Validate monitoring and escalation paths. Test 
agent identity, permissions and boundaries 
where agents exist. Document failures, 
residual risk and remediation priorities. 

Test evidence pack: methodology, 
results, severity-rated findings, 
control mapping, and prioritised 
remediation plan with named 
owners. 

Days 61–90: GOVERN 
& EVIDENCE 

Define approval thresholds and agent 
authority boundaries. Establish agent identity 
and tool access controls. Create evidence 
pack format for board, audit and risk 
committee reporting. Build 12-month 
continuous assurance roadmap. Identify which 
capabilities require ongoing monitoring. 

Executive evidence pack and 12-
month roadmap: board-ready 
summary, control status, open 
findings, remediation progress, and 
assurance programme design. 

Source: Developed by AgenticAssure Research 2026 
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WHAT LEADERS SHOULD ASK NOW 

The right question varies by role. But every role asks a version of the same question: can we 
prove control? What changes is the lens through which control is defined and the evidence 
required to demonstrate it. 

EXHIBIT 7    ROLE-BASED AI GOVERNANCE QUESTIONS: FIVE FOR EACH FUNCTION 

Role Five Questions to Ask Now 

CISO 1. Where are AI systems connected to security, identity, data or production 
environments? 2. Which agents can call tools or trigger actions without 
human approval? 3. Are all agent decisions logged and reversible? 4. Do 
we have independent validation before high-consequence automated 
actions? 5. Can we detect prompt poisoning, tool misuse, or agent identity 
abuse? 

CRO 1. Which AI systems create material operational, regulatory or conduct 
risk? 2. What test evidence exists that those systems were assessed 
before deployment? 3. Who approved residual risk, named individual, not 
committee? 4. How is post-deployment drift monitored continuously? 5. 
Can we defend our AI risk posture to the board with evidence, not 
assertion? 

Board 1. Which AI systems are materially important to the organisation's 
operations, revenue or regulatory standing? 2. What can go wrong, 
specifically, not generically? 3. What has been independently tested? 4. 
What risks remain unresolved and what is the remediation plan? 5. Can 
management produce evidence rather than reassurance? 

AI Governance Leaders 1. Do we have a complete, current AI inventory including embedded 
vendor AI and shadow deployments? 2. Do we have test evidence for all 
high-risk AI systems? 3. Do we have control mapping to applicable 
regulatory frameworks? 4. Do we have defined escalation and override 
rules for each material AI system? 5. Do we have audit-ready reporting that 
could withstand regulatory inspection without advance preparation? 

Source:  Developed by AgenticAssure Research 2026. 
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THE COMMERCIAL IMPLICATION 

AI assurance is becoming a buying requirement, not because regulators have mandated 
specific assurance standards in every sector, but because enterprise buyers are beginning to 
inherit the risk of AI systems they procure from suppliers who cannot demonstrate their safety. 
When a supplier cannot provide evidence of hallucination testing, privacy leakage testing, 
prompt injection testing, or regulatory readiness mapping, the buyer assumes the risk. That 
slows procurement. Evidence reduces friction. 

This is why assurance is not only a defensive function. It is a commercial one. Evidence travels: 
a supplier with credible assurance can reduce procurement friction and shorten review cycles in 
regulated industries because the buyer no longer has to price in unquantified risk. The same 
dynamic plays out internally. A business unit with an evidence pack secures board approval 
faster. A CISO with test results makes better decisions about which AI tools to deploy into 
production. A CRO with control mapping briefs the board with evidence rather than assertions. 
And when a regulator or auditor can see that reasonable steps were demonstrably taken, the 
conversation shifts from adversarial to cooperative, which is worth more than any single control. 
The organisations that understand this are beginning to treat assurance not as a cost of 
compliance but as a source of speed. 

Retrospective AI governance remediation under regulatory or audit pressure can 
require materially greater effort than establishing continuous assurance controls 

from the outset. 
Source: AgenticAssure practitioner observations across financial-services regulatory remediation programmes, 2025–2026. 

Illustrative observation, not an industry benchmark. 
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CONCLUSION: THE GOVERNED DEFENSIVE ENTERPRISE 

The next frontier of enterprise risk is not simply cyber. It is the convergence of cyber, AI, 
autonomy and governance, already underway in organisations most aggressively deploying 
agentic AI and evident in the regulatory frameworks most actively responding to it. 

Attackers are moving faster. Enterprises are deploying AI faster. Regulation is moving towards 
evidence requirements. Boards are increasingly expected to oversee AI risk with the same 
seriousness as they apply to cyber risk, operational resilience, data protection and regulatory 
compliance. Security teams are being asked to approve systems they did not design. 
Compliance teams are being asked to govern behaviour they cannot see. The old operating 
model will not survive this tempo. 

The Agentic Army Strategy is the response: a governed defensive nervous system, staffed by 
specialist agents operating under the four principles of specialisation, coordination, validation 
and governance; held honest by the Hunter-Validator pattern wherever decisions carry 
consequences; controlled by the Agent Governance Plane as its chassis; and made defensible 
by AI assurance, the layer that converts policy into proof. Each part addresses a different failure 
of the old model. Together, they describe an enterprise that can move at machine speed without 
losing the thread of accountability. 

The dividing line is now clear. The advantage will not belong to the organisation with the longest 
AI policy or the largest security function. It will belong to the one that can stand before a 
regulator, a customer, an investor, or its own board and demonstrate, with evidence rather than 
reassurance, that management took reasonable steps to identify, test, govern, and monitor the 
risks posed by its systems. Everything in this briefing is designed to make that demonstration 
possible. The rest is a matter of will. 

"The organisation that can prove control will outperform the organisation that 
claims it. That gap, between assertion and evidence, is where the next 
generation of enterprise advantage will be built." 

 

 

 

 

 
ABOUT AGENTICASSURE.AI 
AgenticAssure helps organisations govern, test and assure AI systems through evidence-based 
assessment, monitoring and attestation. 

Learn more at agenticassure.ai 
Run an AI Assurance Readiness Assessment at agenticassure.ai 
Independent · Evidence-based · Defensible 
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DISCLAIMER 

“AgenticAssure” is a brand name owned and operated by NIA Pte Ltd. This briefing provides strategic 
guidance, not legal advice. Regulatory obligations vary by jurisdiction, sector, AI system classification and 
the organisation's role as provider, deployer, importer, distributor or user. References to the EU AI Act, 
DORA, GDPR and the guidance of the FCA and MAS apply only where the relevant system and 
organisation fall within their scope, as indicated by the “where applicable” qualifications in the text; 
readers should obtain independent professional advice before acting. Statistics are attributed to the cited 
third-party sources and have not been independently verified by NIA Pte Ltd. Passages labelled 
“practitioner observation” or similar reflect AgenticAssure’s advisory experience and are illustrative 
estimates, not benchmarks or guarantees of outcome. Product and company names are the property of 
their respective owners and are referenced for identification only; their inclusion does not imply 
endorsement. This briefing reflects the position as at the date of publication and NIA Pte Ltd assumes no 
obligation to update it. To the fullest extent permitted by law, NIA Pte Ltd accepts no liability for any loss 
arising from reliance on it. 
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